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Improved Method of View Materialization and Index Selection in ROLAP
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Abstract Using summary_ view to accelerate OLLAP queries is one of the most common methods used in ROLAP
systems. However, high storage and computation cost make this method very difficult to be implemented in the ac-
tual environment. Among various issues associated with this, index selection and view materialization are two of the
top common methods. In this paper, we discuss how to select and build index on subsets of the primary keys, and
how to implement view materialization according to these indexes. Based on Nested Relation Approach, we propose

an improved view materialization method—Nested Table Approach. In this method, we use QOracle denormalization to

store this nested relation in Nested Table Type. In addition, we make some suggestions on Dominate Prime

(DPrime) Index Set Filter.
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